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What should | read next?
» Humans have multi-faceted book representations
and preferences, e.g.,

Can we automatically induce structured and inter-
pretable book representation that are useful in down-
stream tasks, e.g., content-based recommendation?

characters 'l want a book about space pirates' ® & £
re|ati0ns 'l want a book about a secret baby romance' § 1t #h
Contributions
~ Preferences are reflected by expert-provided book Deep, interpretable multi-view plot representations of
labels in the Amazon catalog reflect this book plots

2. A general multi-view loss function to learn distinct views
3. A large-scale, empirical, task-oriented evaluation of plot
representations

» Even fine-grained tags like 'secret baby romance’

» However, exhaustive and arbitrarily fine-grained
manual tagging is prohibitive
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laugh scream laughing yell joke cringe disgrace embarrassment hate cursing

Genre Amazon Catalog Tags — Character Types
Mystery British Detectives; Private Investigators; Female Protagonists;
Romance Cowboys; Criminals & Outlaws; Doctors; Royalty & Aristocrats
SciFi Als; Aliens; Clones; Corporations; Mutants; Pirates; Psychics

» expert (publisher) provided gold standard tags

» assume: books that share a tag are indeed similar

» evaluate local neighborhoods in model space of 10,000 books

Vb,V{c} € b c : averaged property trajectory
Vb,V{cl, c2} € b p: averaged relation trajectory
Align two books b1, b2 s.th. Euclidean distance is minimized

We can cluster books based on different views and ask

1. Global property
descriptors v, e.g.,

smart clever knowledge
pretty small slim blonde | & £ 2
lonely desparate sad
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over v1 descriptors

Ap(strong) p(shy) p(dead) p(...)

2. Global relation descriptors
v2, e.g.,

murder chase prosecute
hate dislike fear rage
dearest love like attract
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2) Across views, encode relevant and distinct as-

pects

1) Within each view, efficiently represent and accu-
rately reconstruct the input
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hooks have similar character types (v1)?
hooks have similar character pair relations(v2)?

books are similar overall (v1,v2)7?
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Amazon Gutenberg
# books 10,000 3,500
# v1 sequences 91,511 45,182
# v2 sequences 70,156 60,493
DJ: ytor Qus \E

RMN 1yyer et al (2016)

>
» Data: Gutenberg, v2 descriptors
» MTurk: “Do words describe a relation?”
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General Deep Multi-view Learning
» arbitrary number of views

» arbitrary data given view-specific corpora
(e.g., social sciences)

Scalable Extrinsic Evaluation

» large set of diverse gold book tags
» adaptable to book properties of interest


http://www.frermann.de/

